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Social networks mediate the spread of various information including topics, ideas and innovations, and exploring
essential dynamics of the information spread is one of the most central problems in social network analysis. In this
paper, we focus on a model of networked coordination games, called the Morris model, and propose a method for
analyzing the change of the node states form some initial state over time. More specifically, this method calculates

the final influence degree, the size of the state cycle, and the minimum step to reach the state cycle.

In our

experiments using two kinds of large real undirected networks, we report that although these two network has
somehow different characteristics in terms of their link densities, we obtained quite similar experimental results
with respect to the final influence degree, the size of the state cycle, and the minimum step to reach the state cycle.
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