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Visualization of Cluster Transition utilizing Self-Organizing Network
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We have proposed neural-network based visualization approach, called Sequence-based SOM (Self-Organizing
Map) that visualizes transition of dynamic clusters by introducing the sequencing weight function onto the neuron
topology. This approach mitigates the problems with a sliding window-based method. This paper presents the
topic’s separation and merger using a real news articles data set. Moreover, we can conclude this visualization
result is consistent among subjects. Visualization of cluster transition aids in the comprehension of such phenomena
which come useful in various domains such as fault diagnosis and medical check-up, among others.

1. OOoOug

gooooooboobooobuooboobboooog
goboobooboooobooboooboobooob
pgboooboobooobooboboobobooobobo
goooboobobobooboobooobobobooobooo
gooobooboobooboobbooboboobooo
goooooboooboboboooboobboboobboobooogoo
gobooboboobooboboobobobooooboo
pgboboooboobobooboboboboobobooo
gooooooooooooobobobobooboo

goooooobobooobooobuooboobbooooo
goooboooooboboooobooboooooobooo
gobobooobooobooboooboobooboooo
00000 (Self-Organizing Map:SOM)[Kohonen 95] 000
0000000 Sequence-based SOM (SbSOM) 00 00O
00 [Fukui 05)0SOM 0000000000 ODOOOOOO
gooooooboobooooobooboooboboooboob
gobooobooobooboooboobboobooooo
gooooOoOoOoOooooooooOoogseksoMOoonong
soMOO0O00000OO000O00ODO00O0oooOooooDoono
gooob0ooboooboOoooboooboooboooobooooo
gooobobooboobooboobooboobooo
gobooboobooboooboooobooobbobooboon
gboooboboobooboooboooobooobooboooon
opogboooooboboboboobuoboobobooboo
gooooooooooo

gogogogsbsOMOOOODOOOOOOOODODODO
gooooOoOooOoOoOoOoOoOoOooOOOOOOO0OO0OOSbSOM
gobooboobooboobobooboooboboobooo
gobooboobooboboobobooboobooboo

OO0: 00000000000 000O0000o0oo0ooo
0000 8-10Tel:06-6879-84260fukui@ai.sanken.osaka-
u.ac.jp

gbobgooboobooobooboooooooboobobobobo

2. Sequence-based SOM
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